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Abstract 
As the involvement of generative AI becomes prevalent in con-
tent creation, disclosing AI involvement is no longer optional—it is 
essential. Yet, how such disclosure should be designed remains un-
derexplored. Prior works treat disclosure as a fixed label, detached 
from the social context in which content is created and interpreted, 
aiming to define a universal format. In this work, we show the neces-
sity of considering social dynamics in disclosure design. Through 
a two-part study—a survey (N=33) and participatory interviews 
(N=6)—we examine how expectations around AI disclosure vary 
across text content types and relational contexts. Based on these 
findings, we propose a RADI, a design space for Relational and 
Adaptive Disclosure Interfaces, that adapts to context, content, and 
user roles. Our work provides a foundation for designing disclosure 
as a dynamic, socially responsive interface. 
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1 Introduction 
Generative AI is rapidly transforming the landscape of content 
creation. AI tools have made it increasingly easy for individuals 
to generate high-quality content across modalities—including text, 
images, and videos—for both personal and professional use. As 
this technology becomes more accessible and sophisticated, distin-
guishing between human- and AI-generated content is becoming 
increasingly difficult, raising critical concerns about transparency, 
authorship, and deception [3, 10]. In response, governments and 
institutions are moving toward regulation, with efforts such as the 
EU AI Act [14] and the US AI Disclosure Act [15] calling for clearer 
AI disclosure in media. 

Under these initiatives, a new design challenge emerges: how 
such disclosure interfaces should be crafted. Simply tagging "AI-
generated" is insufficient and ambiguous as its interpretation could 
vary depending on various degrees of type of AI and its involve-
ment [4, 8]. Prior work has explored how different formats and 
granularities affect readers’ perception. For instance, Gamage et al. 
[5] and Epstein et al. [4] showed that subtle design features like 
tone, placement, and wording impact credibility and engagement, 
while Resnik and Hosseini [13] proposed thresholds for disclosing 
substantial AI use in scientific writing. Disclosure also affects how 
content and creators are judged by readers, reducing perceived qual-
ity, trust, and author effort [1, 2, 6, 7, 9, 11, 12]. Yet, these studies 
focus primarily on the readers’ perspective. They often neglect the 
social dynamics between creators and readers, and the contents’ 
lifecycle—from generation to consumption. They overlook how 
disclosure is interpreted, negotiated, and varies between content 
types and social contexts. 

To address these gaps, we conducted two empirical studies: a 
formative survey (N=33) examining how disclosure expectations 
vary across text-based content types, and participatory interviews 
(N=6) involving creator–reader pairs. We uncover mismatches in 
disclosure preferences depending on content context, social func-
tion, and the relational dynamics between creators and readers. 
Based on these findings, we propose RADI, a design space for Rela-
tional and Adaptive Disclosure Interfaces, which reconceptualizes 
disclosure as a dynamic interface element rather than a static label. 
This design space outlines key dimensions and considerations for 
creating disclosure interfaces that are context-sensitive, role-aware, 
and socially attuned throughout their entire lifecycle. 
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2 The RADI Design Space 

Figure 1: Key design dimensions and sub-conditions of the 
RADI design space for AI disclosure, derived from a two-
stage study. 

2.1 Methods 
We conducted a two-part study to examine how AI disclosure ex-
pectations vary across content types and user roles. First, a for-
mative survey (N=33) asked participants to evaluate seven text 
contents—news article, email, social media post, novel, personal state-
ment, textbook, and essay assignment—and respond to role-specific 
questions about when, how, and how much AI use should be dis-
closed. Second, we conducted 90-minute participatory interviews 
(N=6) with creator–reader pairs, focusing on three content types 
with the largest expectation gaps: personal statement, essay, and 
novel. Each session included an individual disclosure design activity 
and a group discussion for negotiating norms, followed by a semi-
structured interview. Three authors performed semantic coding 
across both studies to derive key dimensions of the RADI design 
space. 

2.2 Key Dimensions 
2.2.1 Interaction Dynamics. Disclosure timing, format, and control 
significantly shaped how participants responded to AI involvement. 
Some preferred disclosure before engaging with content to inform 
decisions (e.g., whether to purchase or read), while others preferred 
learning about AI use after to avoid biased judgment. For instance, 
U4 noted that upfront disclosure might deter certain readers, while 
others could find it intriguing. Participants also valued different for-
mats of disclosure. Static labels were considered limiting, whereas 
expandable or toggleable formats provided flexibility. U4 suggested 
that e-book novels could benefit from togglable disclosures, but that 
such markers might disrupt immersion in printed books. Disclo-
sure was also framed as a relational negotiation. Many participants 
shifted their stance during the group activity after understanding 
the creator’s or reader’s perspective. U2, who initially doubted the 
need for disclosure, later said it was valuable to see how AI was 
used. This suggests that disclosure formats should be designed not 
only for transparency but to facilitate mutual understanding. 

2.2.2 AI Involvement. Participants’ expectations for disclosure var-
ied depending on the degree and function of AI use. When AI played 

a light role—such as fixing typos—many felt disclosure was unnec-
essary. But for heavy or generative use, most agreed disclosure was 
critical, particularly in content types like news or education materi-
als. The purpose of AI use also shaped perception. When AI assisted 
in structure or brainstorming, participants were more accepting. 
However, when AI was used for more generative or creative pur-
poses, the majority of participants became less understanding. P14 
said that they wanted AI disclosure before purchase to avoid novels 
involving heavy AI assistance. AI contributions should be disclosed. 
Some participants saw AI use as a skill. U2 remarked that in per-
sonal statements, disclosing how AI was used could even reflect 
positively on the creator’s abilities. These perspectives suggest that 
disclosure systems should accommodate both extent and intent of 
AI involvement, rather than treating all uses equally. 

2.2.3 Content Context. Content’s publicness and formality strongly 
influenced expectations for AI disclosure. Public-facing, formal con-
tent like news or textbooks prompted higher expectations of trans-
parency due to their societal impact. In contrast, private communi-
cations such as emails were perceived as not requiring disclosure. 
The objectivity and genre of content also shaped disclosure norms. 
In novels, reactions varied by genre—U4 distrusted AI’s use in his-
torical fiction, while U3 welcomed it in science fiction. This shows 
that disclosure design must account for subtle contextual differ-
ences even within the same content type. Finally, relational roles 
mattered. In personal statements, where readers assess the creator, 
some feared disclosure might reflect poorly on their competence. In 
contrast, in novels, where readers focus on the work itself, creators 
like U3 felt more comfortable being transparent. This highlights 
the need to consider who is being evaluated through the text, not 
just what the content is. 

3 Design Application and Future Directions 

Figure 2: Conceptual interface supporting AI disclosure de-
sign through role-based chat, disclosure visualization, and 
reference to the RADI design space 

To support designers in exploring and applying the RADI design 
space, we propose a simulation-based testbench system. This tool 
allows designers to iteratively prototype and evaluate AI disclosure 
interfaces across varying contexts, stakeholder roles, and content 
types. The system leverages large language models (LLMs) to gen-
erate diverse creator and reader personas based on selected content 
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scenarios. Designers can initiate disclosure negotiations between 
these simulated roles and observe their perspectives across different 
disclosure configurations. Based on the dialogue and feedback from 
these simulations, designers can construct tailored disclosure pro-
totypes aligned with specific content and social dynamics. These 
prototypes are then re-evaluated through further LLM-powered 
simulations, enabling iterative refinement grounded in realistic user 
interactions. 

In the future, we plan to implement this prototype system and 
conduct an explorative study to assess its effectiveness. We aim 
to examine whether LLM-driven simulations appropriately reflect 
creator and reader roles, and whether designers can effectively 
utilize the RADI design space through this process. Ultimately, our 
goal is to evolve the RADI design space into a validated framework 
that helps designers navigate disclosure challenges across diverse 
contexts and stakeholder needs. 
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